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Supply
T(t)

A 4

Decision Making Demand

Supplier Order-Quantity D(t)

<22 1> Order quantity decision process
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asking

[ Human(expert) ]

Empirical opinion

]

Intelligent
agent

Reward, State’

[

<1 & 2> Opinion based learning process
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3} st&(Reinforcement Learning)

Renew Q(S, A)

State S, )
» | Action A,
Agent I
Reward R;

[N P —

Revw (0
Environment e
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<& 3> Interaction of agent and environment (action policy learning process)
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